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» Can we determine optimal threshold levels Deactivate? « Attributes like make, price segment and vehicle category can be used to
to activate/discontinue SKUs? ‘ , | cluster parts with similar replacement rate.
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The table below has the summarized the prediction models used in previous research. In this _
study, we use clustering, time series and regression to forecast parts demands. Unlike Pallet Quantity
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previous studies which only focused on very limited SKUs, we apply the prediction flow and
models to more than 25,000 SKUs in this study. Botter, R, & Fortuin L. (2000) suggest to
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