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A Dynamic Pricing Model for Vacation Rental Industry

Abstract
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We develop a dynamic pricing model for the vacation rental industry that fuses public and propriety data to maximize the key performance index (KPI) by Nelson Chou chou71@purdue.edu,
recommending pricing strategy. The motivation of this research is the increased interest in expanding data science and analytics capabilities within the Yachu Li liu1498@purd d
revenue management business area. In a bigger picture, it is believed that the future of revenue management will begin to influence other industries where _ac e . I_u D i
perishability of revenue exists, apart from the traditional service industry. Revenue Management will play vital part in ‘As a Service’ digital transformation. Jiangtao Xie xie310@purdue.edu,

In the future, data-driven dynamic pricing strategies leveraging external information of the business ecosystem will play an essential role in profitability.

Introduction

» Revenue Management: With predictable demand, fixed capacity, and
perishable product, set the right price for right customer at right time;
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Methodology
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L. etal. (2012) The methodology for The short-term stay customer per day for hotel is estimated
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=== booking patterns, such as leadtime, stay length, etc. ).
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Complete competition data
’ Collect more competitor information so that the model can be built up
matching corresponding year’'s competition data with more Test deployment
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